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A Correction to equations in the main text

After this article went to print, a colleague pointed out that we had made an error in several of our
equations. Specifically, in equations 2, 4, and 5 in the main text, we write that the Theil statistic
can be decomposed into K + 1 terms: a term for segregation between K mutually exclusive and
exhaustive sub-units, andK terms for segregation within those sub-units. Specifically, in equation 2,
we write that segregation between US establishments can be decomposed into segregation between
areas plus segregation within areas, as follows:
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This equation is missing a term. We depict the within area, between establishment segregation as
the weighted sum of segregation between establishments within each area, where the weights are
the areas relative sizes, wa

w . However, as Reardon et al. (2000) and others point out, the weights
in this sum should be the areas relative sizes and their relative diversities. Equation 2 should have
read like this:
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For the same reason, equation 4 should read that, for any nested levels x ⊃ y,
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Figure A1: Within-area, between-establishment segregation calculated from the Theil statistic, 1971 to 2014. This
figure reproduces Figure 4 from the main text, where the missing term discussed above was not included.
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And similarly, equation 5 should look as follows:
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We overlooked the term when writing down the equations and then performed the analyses
without it. Fortunately, this term is a weight for a sub-unit’s relative diversity, and so the sum of
them across sub-units should approximate unity.

To get a sense of how our results change when we include this term, compare Figures A1
and A2. Figure A1 replicates Figure 4 from the main text, which is our key result: within-area,
between establishment segregation by race has increased over the last generation. That figure was
calculated without the Ea

E weight. Figure A2 is the same time series, this time calculated with the
term included.

The key difference in Figure A2 is an intercept shift. The entire time series is shifted down
somewhat. Why does this happen? Recall that Ea

E is a weight for how diverse a sub-unit is, relative
to the total. Intuitively, if we have two sub-units that are the same size and that have the same
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Figure A2: Within-area, between-establishment segregation calculated from the Theil statistic, 1971 to 2014.
Compare this to Figure A1. Weighting each county by its relative diversity shifts the entire time series downward
slightly, but has no qualitative impact on the overall trend.

(assume it is complete) segregation between workplaces, but one sub-unit is 1% minority and the
other is 49% minority, we would think that segregation is “worse” in the second, more diverse
sub-unit. The probability that we could get complete racial segregation by chance when only 1%
of the workforce is different is far lower than if the workforce is evenly divided.

In practical terms, U.S. counties vary greatly in their diversity. Where there is less diversity in
a county (less entropy, in the language of the Theil statistic), we want to down-weight that county’s
contribution to the total. In the rarer cases where a county’s racial diversity is much greater than
the U.S. as a whole (such as Queens County, New York, or San Francisco County, California),
we want to up-weight it. Since there are far more relatively homogeneous counties in the United
States than relatively diverse ones, the net effect of including the Ea

E term is to move the time series
downward.

However, including the relative diversity term does nothing to alter the pattern of segregation
over time. We see the same macro-level trends, like a decline in the “regulatory decade” of 1972–
1982, followed by a rise through the financial crisis, and slight drift downward afterward. We also
see similar micro-level wobbles from year to year. Reproducing all of the results with the relative
diversity term included yields similar results. Those are available on request.

We chose to update this appendix for two reasons. The first is because we are doing further
work with the Theil statistic, focusing specifically on its decomposition and the contributions of its
various terms, and it would appear inconsistent to present a different decomposition in later papers
without noting the error we’d made here. The second is because we think science is an open-ended
process, and that post-publication comment and suggestion should be taken seriously. We are very
grateful to our colleague, whom I think we can just name as Sean Reardon, for noting what he
thought was just a typo, and thus saving us from propagating this error through future work.
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Figure B1: Within-area, between-establishment racial segregation with bootstrapped confidence intervals. Compare
with figure 4 in the main text.

B Uncertainty and the Theil statistic

The Theil statistic is not, at root, an inferential statistic like a regression coefficient. Instead it was
developed as a descriptive statistic for use in situations where it was presumed full knowledge of
the population was available. It does incorporate a measure of uncertainty, specifically, the extent
to which knowledge of a sub-unit provides information about properties of a member of the whole.
But because it is defined on a population, concepts like variation in the Theil or its components
are not defined.

That said, we need not assume that the “true” population is completely captured by such a
statistic. As we discuss below, while all establishments with 100 or more employees are required to
file EEO-1 surveys with the EEOC, compliance is not universal. Furthermore, firms can move in
and out of observation when they are close to the size threshold. Such factors make it useful to ask
how much variability there is in a statistic like the Theil, in part so that we can get a sense of how
likely a given year-to-year movement in the statistic is to be due to fluctuations in the population,
rather than true change.

Following Efron and Tibshirani (1986), we can treat the EEO-1 survey data as arising from
a theoretical super-sample wherein what we observe in each year and county is a “random” draw
of establishments from the larger, unobserved super-population. In this view, uncertainty reflects
variation in the distribution of establishments in that super-population. Concretely, we can use
bootstrap methods to sample establishments with replacement within counties and years. We do
so 100 times. This allows us to estimate 100 different Theil-statistic components for each year and
to use the variation in these estimates to construct confidence intervals.

We do so in figures B1, B2, and B3. These correspond to figures 4, 5, and 10 in the main
text. In virtually all years, the bootstrapped confidence intervals are extremely tight. While the
fine structure of year-to-year changes might reflect some inherent variability in the underlying
population of establishments, the general movements in these Theil components with which we
concern ourselves are far larger than what we might attribute to noise.

The exception that proves the rule here is 1972. In that year and only that year, bootstrapping
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Figure B2: Within-area, within-establishment, between-occupation racial segregation with bootstrapped confidence
intervals. Compare with figure 5 in the main text.

produces a much wider confidence interval, suggesting that the final results are far more sensitive
to precisely which establishments are used to calculate the statistic. This jibes with previous work’s
having raised concerns about the quality of the 1972 data (Stainback and Tomaskovic-Devey, 2012)
and with the anomalous increase in measured segregation that year, in the midst of a decade of
otherwise sharp decrease. These bootstrapped confidence intervals lead us to suspect that the
increase in 1972 is indeed a statistical artifact rather than a true increase. By comparison, the
chances that increases after the early 1980s are really noise are incredibly small.

C Changes to EEO-1 reporting in 1983 and 2007

We document trends in segregation from the early 1970s through 2014. As Stainback and Tomaskovic-
Devey (2012) discuss in their methodological appendix, over this period EEO-1 reporting remained
consistent, with two exceptions. In 1983, the reporting threshold was raised from 50 to 100 em-
ployees (from 25 to 50 for federal contractors). In 2007, the EEOC temporarily increased reporting
rates and permanently changed the EEO-1 survey form.

The 1983 change does not impact our results. Figure C1 excludes all sub-100-employee es-
tablishments (including post-1983 federal contractors), in order to keep reporting requirements
consistent pre- and post-1983. The decline and rise in between-establishment segregation shown in
our main results remains. As we discuss in more detail below, the changes to the EEO-1 survey
design in 2007 also do not affect our findings. However, the 2007 reporting expansion does make
comparing trends before and after 2007 tricky.

In 2007, the EEOC used Dun & Bradstreet data on the universe of US firms to identify non-
reporting establishments and deliberately targeted them for inclusion (Stainback and Tomaskovic-
Devey, 2012). This effort was not continued in subsequent years. Clearly, if the additional estab-
lishments targeted in 2007 differ from those that regularly report then changes in our segregation
measures in 2007 may be due to changes in the reporting sample rather than to changes in estab-
lishment segregation.
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Figure B3: Between-area and Within-area, between-establishment racial segregation with bootstrapped confidence
intervals. Compare with figure 10 in the main text.
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Figure C1: Within-area, between-establishment segregation calculated while excluding all firms with fewer than
100 employees (irrespective of federal contracting status). See the text for information on the post-2007 adjustment.
Compare with Figure 4 in the main text.
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Figure C2: Within-area, between-establishment segregation calculated from the Theil statistic, including 2007 and
the 2007 cohort in subsequent years. Compare with Figure 4 in the main text.

Figure C2 shows between-establishment segregation. Unlike the figures in the paper, figure C2
includes data from 2007 and, in subsequent years, retains the cohort of firms that reported for the
first time in 2007. Compared to figure 4, figure C2 shows a large jump in the level of segregation
and then a steep decline. What about the 2007 cohort explains this jump and decline?

The jump occurs because there is a dramatic increase in first-time reporting by single-establishment
firms, firms that also tend to be much more segregated. Table C1 shows the number of new firms
and establishments by year, where “new” means a first-time reporter in the EEOC’s data. In
2006 there were 7,053 new establishments from new firms; in 2007 there were over four times as
many. There was no comparable jump in recorded establishments for firms that were already in
the EEOC’s data: said establishments grew by only 322, to 20,776.

Table C1: New firms and establishments reported by new (first-time-reporting) versus existing firms, 2005–2009

New firms New establishments
From new firms From existing firms Total

2005 3,575 6,836 19,013 25,849
2006 3,947 7,053 20,454 27,507
2007 22,424 30,077 20,776 50,853
2008 4,741 8,864 22,677 31,541
2009 3,405 6,143 16,567 22,710

Table C2 displays summary statistics for new establishments from first-time-reporting firms
for the years 2005 through 2009. Establishments in the 2007 sample are much more likely to be
from single-establishment firms: 59% in 2007 as against 26% in 2006. The 2007 new firm cohort is
also more segregated: 23.5% of establishments are majority-minority in 2007 as against 16.3% in
2006. The average between-establishment Theil contribution (multiplied by 1,000) is 2.29 in 2007,
compared to 1.152 in 2006.

The Theil contribution is larger because new single-establishment firms are more segregated
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Table C2: Summary statistics (means) for new establishments from first-time-reporting firms, 2005–2009.

2005 2006 2007 2008 2009

Number of establishments 6,836 7,053 30,077 8,864 6,143
Number of employees 148.5 146.6 177.7 134.4 164.5
Single-establishment firm 0.224 0.264 0.591 0.253 0.274
Percent white 0.681 0.676 0.633 0.675 0.657
Percent black 0.129 0.127 0.125 0.126 0.129
Percent hispanic 0.136 0.143 0.199 0.147 0.156
Percent other 0.054 0.054 0.044 0.052 0.058
Majority minority 0.148 0.163 0.235 0.160 0.185
Between-establishment H 0.963 1.152 2.292 1.576 1.367

contribution:
wj

w
E−Ej

E × 1, 000

Table C3: Summary statistics (means) for first-time-reporting, single-establishment firms, 2005–2009

2005 2006 2007 2008 2009

Number of firms 1,510 1,819 17,653 2,213 1,634
Number of employees 177.7 180.7 211.3 183.1 178.1
Percent white 0.686 0.668 0.609 0.668 0.628
Percent black 0.129 0.121 0.128 0.116 0.135
Percent hispanic 0.131 0.149 0.220 0.156 0.173
Percent other 0.055 0.062 0.043 0.060 0.064
Majority minority 0.151 0.168 0.269 0.172 0.209
Between-establishment H 1.234 1.667 2.724 1.608 0.691

contribution:
wj

w
E−Ej

E × 1, 000
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Figure C3: Number of new establishments that remain from firms that report for the first time in the 2000, 2006,
2007, 2008, and 2010.

in all years, and the 2007 single-establishment firms are especially so. Table C3 replicates Table
C2 but only includes single-establishment firms. The average between-establishment contribution
is higher for single-establishment firms than for multi-establishment ones in all years except 2009.
Thus, even if the establishments in the 2007 cohort were as segregated as similar establishments in
other years, because the 2007 cohort contains so many more single-establishment firms, we would
still see a large increase in between-establishment segregation. The jump occurs because the 2007
reporting expansion netted a much higher proportion of much more segregated single-establishment
firms.

The post-2007 downward trend in Figure C2 is also an artifact of this one-time expansion.
Figure C3 shows cohort survival curves for establishments from first-time-reporting firms.1 We
show selected years between 2000 and 2010; the 2007 cohort is clearly an an outlier in both level
and changes. Because new establishments from new firms drove the jump in 2007, as these es-
tablishments exit the data we see correspondingly large declines. As we discuss in the main text,
year-on-year changes in a cohort’s contribution to total segregation can be analyzed into two parts:
the changes in the “fundamental segregation” of the component, and changes in the relative size of
the component. Formally, H2 −H1 = (S2 − S1) × W2

W1
. Because the 2007 cohort is so large relative

to the others, the decreases in its size due to establishment turnover are large relative to changes
in the other cohorts. By comparison, fundamental segregation in the 2007 cohort changes at rates
similar to the other cohorts. Thus the post-2007 decline seen in figure C2 overwhelmingly reflects
changes in size in the non-representative 2007 cohort.

This decline also highlights why we cannot just exclude 2007 from analyses and hope to correct
for the reporting expansion. To fully correct for the bias it introduces, we must also exclude these
“expansion” establishments in all subsequent years. Otherwise, the downward trend in figure C2
will influence calculations post-2007.

Given these patterns, we chose to drop 2007 from our analyses and to drop any establishments
from firms that first enter the data in 2007. Doing so is conservative, as the 2007 segregation spike

1Figure 8 in the paper shows survival curves for all new establishments, irrespective of whether the parent firm is a
first-time reporter. This is why the counts differ between the figures.
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Figure C4: The EEO-1 matrix used in 1997 to report race-gender-occupation counts.

implies that firms which normally report are more integrated than the universe of firms. The EEO-
1 data likely places a lower bound on the amount of segregation observed across US workplaces.
Consistent with past research using the EEO-1 data, outside of 2007, we find scant evidence that
reporting rates changed dramatically (Robinson et al., 2005; Stainback and Tomaskovic-Devey,
2012). Table C1 reveals consistent reporting rates from 2005 through 2009, a pattern that holds
when looking at the entire series from 1971 through 2014. We recommend that all analysts use
these 2007 corrections when studying pre- and post-2007 trends in the EEO-1 data.

Finally, while the reporting expansion potentially affects our results, the contemporaneous
changes to the EE0-1 survey design in 2007 do not. In 2007, “Hispanic” was separated out as
an ethnicity (compare the reporting matrices in figures C4 and C5) and reporting establishments
were asked to move from relying on “visual inspection” to “self identification” of race and ethnic-
ity. Table C4 shows the percent White, Hispanic, Black, and Other for 2004-2012, while excluding
2007 and the 2007 new-firm cohort from subsequent years. Trends appear consistent over time.
The 2008 percentages are consistent with what we would expect given the 2004-2006 percentages.
Minorities do appear to increase more slowly from 2009-2012, a plateau likely caused by the great
recession. However, by 2013 and 2014 growth appears to be back in line with pre-2008 levels. We
find little evidence that the survey redesign led to measurable changes in worker classification and
identification.

D Benchmarking EEO-1 workforces against county demographics

We formalize segregation as deviations in composition of sub-units from larger units. In our case the
sub-units are establishments, and the unit is the “labor market.” As we discuss in the main text,
we define the labor market as the sum of employees in large establishments in the county where
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Figure C5: The EEO-1 matrix used in 2008 to report race-gender-occupation counts.

Table C4: Percentage of White, Black, Hispanic and Other workers in the EEO-1 data excluding establishments
from firms that report for the first time in 2007.

Percent White Percent Hispanic Percent Black Percent Other

2004 0.691 0.115 0.140 0.054
2005 0.685 0.119 0.141 0.056
2006 0.677 0.123 0.142 0.058

2008 0.668 0.128 0.142 0.061
2009 0.671 0.127 0.140 0.062
2010 0.670 0.127 0.139 0.064
2011 0.667 0.129 0.139 0.065
2012 0.662 0.130 0.141 0.067
2013 0.656 0.133 0.144 0.068
2014 0.647 0.136 0.148 0.069
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the focal establishment is located. There are risks to doing so. If there are substantial differences
between the workforces of large establishments and the overall workforce in an area, then proxying
for the total workforce as we do here can bias our calculations of segregation.

At the same time, there are arguments for using the large-establishment workforce as the ref-
erence population. Black men and women are disproportionately likely to work in large establish-
ments, and white men are disproportionately less likely to do so (Dobbin, 2009; Stainback and
Tomaskovic-Devey, 2012; Rosenfeld, 2014). Thus finding black workers over-represented in these
establishments, relative to the total working-age population in an area, is problematic evidence for
segregation insofar as we do not know whether this represents large-establishment hiring practices
or rather some prior social process that sorts workers of different races into different types of firms.
Black men are also incarcerated at much higher rates than whites. This can bias measurement of
the true labor force in an area.

Ultimately, whether it makes sense to use the realized workforce in large establishments to
benchmark segregation is an empirical question. The higher the correlation between the large-
establishment workforce and the working-age population across counties, the more confident we
can be in our choice. With that in mind, we benchmarked our measurements in relevant years
against data on county populations from the decennial census. We think that the census years are
the best comparisons because the Census Bureau’s intercensal datasets are based on projections,
while the EEO-1 surveys are as close to a complete census as the EEOC is able to conduct. We
want to be sure that differences between the two are not driven by the Census Bureau’s estimation
techniques.

Some care must be taken when comparing estimates of racial composition from the Census and
the EEOC. On the census, respondents can choose a racial classification and separately choose
whether they have a hispanic background or ethnicity. On the EEO-1 surveys, employers were
traditionally asked to count employees according to a racial classification scheme that included
hispanic as a separate race. Since 2007, the commission has identified hispanic as an ethnicity,
but the procedure for completing the EEO-1 survey asks employers to first determine whether
an employee has hispanic ancestry and, if yes, then mark them as hispanic without indicating
further racial information. In practice, this means that the EEOC has treated hispanic ancestry as
mutually exclusive with other racial classifications (the EEO-1 form has recently added an option
for “two or more races,” but very few workers identify as such), while the census has treated it as
combining with other racial classifications.

These different classification schemes have implications for how to count the population. The
large majority of census respondents who indicate that they have hispanic backgrounds choose
white as their race. This implies that many of the workers who are listed as hispanic on EEO-1
surveys would list their race as white on the census. We can test this by comparing the size of
the white population on the census with the white plus the hispanic workforce share on the EEO-1
surveys.

Table D1 shows average racial population shares for county workforces compiled from the EEO-
1 surveys (E) and racial shares of the working-age population from the decennial census (C). It also
shows the differences between the two sources. For example, in 1980 the average large-establishment
workforce was 9.9 percent black (µbE = .099), while the typical working-age county population was
9 percent black (µbC = .090). The difference between the two δ(bE , bC) was just under 1 percent,
implying that black workers were over-represented in large-establishment workforces. This is exactly
what prior work has found.

Table D1 also shows that white workers are substantially under-represented relative to their
share of the population. In 1980 this under-representation amounted to 4.7 percentage points, or
more than five times the discrepancy for black workers. While previous work has found that whites
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Table D1: Reported average shares (µ) of large-establishment workforces (E) and county working-
age populations (C) in census years, for white (w), black (b), and white-plus-Hispanic (w+h) workers

Year µbE µbC δ(bE , bC) µwE µwC δ(wE , wC) µw+h
E δ((w + h)E , wC)

1980 .099 .090 .009 .849 .896 -.047 .888 -.008
1990 .109 .102 .006 .832 .857 -.025 .875 .019
2000 .114 .094 .019 .792 .873 -.081 .866 -.008
2010 .112 .095 .017 .772 .859 -.088 .862 .002

Large-establishment workforces (E) are compiled from annual EEO-1 surveys collected by the
EEOC. County working-age populations (C) are compiled from the decennial census.
Hispanic men and women are separate, mutually exclusive category on the EEO-1 surveys. His-

panic ancestry is a separate question on the census that can vary independently of identified race.
Historically, most respondents who claim Hispanic ancestry identify on the census as white.
The EEO-1 surveys used to construct these totals are the same used in the main analysis. Thus for

example headquarters-composition surveys are excluded, and the 2007 cohort of entering firms are
excluded when calculating workforce shares in 2010. See the main text for more information on the
construction of the sample.

are less likely to work in large establishments, this discrepancy seems suspiciously large. It also
tends to grow over time—by 2010, it had reached 8.8 percentage points.

The share of white workers in large establishments tracks much more closely to the share of
census respondents who identify themselves as white, non-hispanic; the relevant figure for 2010
was 72 percent (Census, 2010). Meanwhile, 16 percent of census respondents listed themselves as
having hispanic origin, and of these, more than 75 percent listed white as their race. If we add
together the shares of white and hispanic workers from the EEO-1 surveys (µw+h

E ), we get figures
that are far closer to the white shares from the census. In 2010, for example, δ((w + h)E , wC) was
only 0.2 percentage points.

Table D2 presents correlations between these two sources across counties. When it comes to
total size, the two sources are correlated above .9. Tellingly, the correlation for black workers’
shares are also around .9. Quite small numbers of census respondents who identify as having
hispanic origin also identify as black (far more choose “some other race”: Census (2010)), so the
differences in the EEOC’s and Census Bureau’s classification schemes should have little effect on
the correlation for black workers. For whites, the correlation is much weaker, around .67. Here
again though we can see the effect of combining white and hispanic workers on the EEO-1 surveys
for comparison with the census. The correlation of the two groups with the white workforce from
the census is, again, close to .9 across counties.

These correlations will never be perfect, not least because the proportion of the total workforce
employed in large establishments will vary by county. Nonetheless, the close matches through the
years both with the overall composition of the workforce and its variation across counties gives us
confidence that we are not systematically mis-characterizing patterns of segregation by focusing on
the large-establishment workforce. Certainly given that this is the population of workplaces where
enforcement is targeted, it is reasonable to focus on dynamics within it. But more generally we do
not find substantial variance from the underlying population, beyond the under-representation of
white workers that previous research has documented.
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Table D2: Correlations between large-establishment workforce (E) and county working-age pop-
ulation (C) shares in census years

Year ρ(TotalE , ρ(WhiteE , ρ(BlackE , ρ(OtherE , ρ((White + Hispanic)E ,
TotalC) WhiteC) BlackC) OtherC) WhiteC)

1980 .91 .68 .89 .60 .87
1990 .89 .66 .88 .63 .84
2000 .91 .67 .91 .82 .89
2010 .92 .64 .89 .87 .87

Large-establishment workforces (E) are compiled from annual EEO-1 surveys collected by the
EEOC. County working-age populations (C) are compiled from the decennial census.
“Other” is defined for EEO-1 surveys as the total of Asian, Pacific Islander (or Native Hawai’ian

and other Pacific Islander in 2010), American Indian, and Alaskan Native employees summed
across occupations. Hispanic men and women—a separate, mutually exclusive category on the
EEO-1 surveys—are not included. “Other” is defined for the census county-descriptive data as the
population identifying as neither white nor black. Hispanic ancestry is a separate question on the
census that can vary independently of identified race.
EEO-1 surveys used to construct these totals are the same used in the main analysis. Thus for

example headquarters-composition surveys are excluded, and the 2007 cohort of entering firms are
excluded when calculating workforce shares in 2010. See the main text for more information on
the construction of the sample.

E Segregation trends across large counties

We argue that the pattern of between-establishment segregation that we observe, with declines
through the early 1980s followed by an increase and then stabilization at relatively high levels
after the early 2000s, is not simply a trend in the national, aggregated data. Rather, such trends
can be observed within individual counties as well. We presented the trends in segregation in
four counties—those containing Chicago, Cleveland, Houston, and Philadelphia—as examples. A
reasonable concern is whether these four counties just happen to resemble the national pattern,
and how they compare to the United States as a whole.

To give a sense of the variability across counties, we ranked counties in the United States
by the size of their workforces employed in large establishments each year, then computed these
counties’ contributions to the national establishment segregation component each year. The results
are shown in figure E1. The range depicted in gray is the difference between the 5th- and 95th-
percentile counties, ordered by their within-area, between-establishment segregation scores. As
is apparent from that range, most large counties in the United States also experienced declines in
establishment segregation through the early 1980s, followed by a resurgence. There are considerable
differences in the levels of segregation across cities. Segregation is much lower in counties like
Lancaster, Pennsylvania (the 95th-largest county for much of the early 1980s), largely because these
counties have less racial diversity and thus less potential for segregation. And in this comparison,
establishments in Cook County, Illinois consistently stand out as among the most segregated by
racial employment in the country.

Taken as a group, the 100 largest counties in the United States comprise more than 40 percent
of all large establishments observed by the EEOC in most years. In general, the evolution of
establishment segregation across these counties is similar. The non-monotonic pattern we find in
the national results is not an artifact of aggregation.
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Figure E1: Within-area, between-establishment contributions to the national Theil statistic. For each year, we cal-
culated county components for the 100 largest US counties, ordered by the size of their large-establishment workforce.
The range in gray is the difference between the 5th and 95th counties.

F Segregation trends in single- versus multi-establishment firms

The EEOC reports workforce-composition data by establishment, but the ultimate target of anti-
discrimination policy is the firm. Accordingly, figure 6 in the main text charts, for multi-establishment
firms, the trends in segregation between firms versus the trends in segregation between the es-
tablishments within firms. While the level of segregation between establishments within firms
is consistently higher, virtually all of the increase in segregation between the establishments of
multi-establishment firms has come between the firms. (The higher level of between-establishment
segregation within firms in part reflects how multi-establishment firms usually operate across dif-
ferent labor markets with different workforce compositions.)

Figure 6 is important for making the case that it is reasonable, given these data on establish-
ments, to talk about a trend of increasing segregation between firms. However, there is a risk that it
might suggest that increases in segregation are entirely or mostly a large, multi-establishment-firm
phenomenon. This is not the case. Figure F1 shows the same within-area, between-establishment
component as figure 4 in the main text, here calculated solely for single-establishment firms. A
similar increase over time is observable in these establishments as well. Taken together, these two
charts do not give direct evidence of what mechanisms may have produced the increase in estab-
lishment segregation, but they do suggest that whatever mechanisms have produced it are not
dependent on the size or scale of the parent firms.

G Establishment segregation as a function of occupational segre-
gation

When considering occupational segregation in the main text, we treated occupations as nested
within establishments. That is, our hierarchical decomposition of total segregation first considers
between-labor market segregation, then within-labor market, between-establishment, then finally
within-labor market, within-establishment, between occupation. We chose this approach because
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Figure F1: Segregation between establishments, calculated solely for single-establishment firms. The trend seen
here is similar to the overall trend seen in figure 4 of the main text, as well as the trend between multi-establishment
firms (as opposed to the trend between establishments within those firms) seen in figure 6 in the main text.

it gives results that are conceptually closer to the indices of dissimilarity that prior work, such as
Tomaskovic-Devey et al. (2006), calculated. In that work occupational segregation is built up as a
weighted average across establishments, meaning that it conditions on the overall composition of the
establishment workforces. However, one could also split establishments so as to nest them within
occupations. Doing so makes it possible to examine the overall trends in occupational segregation
within distinct labor markets, without accounting for how those performing the occupation are
allocated across workplaces. As we discuss in the main text, it is useful to consider this trend if
and when we want to check whether establishment segregation can be “explained” as a mechanical
byproduct of occupational segregation, combined with different allocation of occupations across
establishments.

In that light, we also computed Haoj , the hierarchical decomposition of segregation by labor
market, then occupation, then establishments (technically the component of each establishment
within each occupation). Figure G1 presents H̄a

o , the within-area, between-occupation component of
Haoj . The slowing down of occupational desegregation after the early 1980s is even more pronounced
in figure G1 than it is in figure 5. Figure G2 meanwhile plots H̄ao

j , the within-area, within-
occupation, between-establishment component. Here the increases depicted in figure 4 are still
visible, which is the same as saying that overall changes in occupational segregation can explain
very little of the increase in establishment segregation. When we consider the profile of figure
G1, this makes sense: occupational segregation cannot be mechanically producing increases in
establishment segregation if it is not itself rising.
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Figure G1: Segregation within labor markets and between occupations, 1971–2014. This figure treats establish-
ments as nested within occupations, as compared to figure 5 in the main text, where occupations are nested within
establishments. Thus this depicts overall segregation between occupations in a labor market, irrespective of how
members of those occupations are allocated across workplaces.
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Figure G2: Segregation within labor markets and occupations, between establishments, 1971–2014. This figure
treats establishments as nested within occupations, as compared to figure 5 in the main text, where occupations are
nested within establishments. Thus while this figure depicts the same general trend as figure 4 in the main text,
the magnitude of the decline in between-establishment segregation in the 1970s appears larger, since this figure has
“baked in” the decreases in figure G1.
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